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Abstract
The goal of this study was to investigate if it is possible to differentiate be-
tween rainbow trout (Oncorhynchus mykiss) having been fed with natural or
synthetic astaxanthin. Three different techniques were used for visual inspection
of the surface colour of the fish meat: multi-spectral image capturing, tricolour
CIELAB measurement, and manual SalmoFan inspection. Furthermore it was
tested whether the best predictions come from measurements of the steak or the
fillet of the fish. Methods used for classification were linear discriminant analysis
(LDA), quadratic discriminant analysis (QDA), and sparse linear discriminant
analysis (SLDA).
1 Introduction
The colour of salmonid fish is one of the most important quality parameters for
customers [1–3]. Consumers associate increased level of red in salmonid fishes
with superior quality, and colour is the first quality parameter inspected by the
customer [4]. Therefore, it is of outermost importance for the industry to under-
stand the effect of breed conditions and processing on the colour development
in salmonid fish fillets.
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Astaxanthin has a high antioxidant activity, is essential for reproduction,
growth and survival, and important for the development of colour in salmonid
fish [5]. The primary use of astaxanthin within aquaculture is as a feed additive
to ensure that farmed salmon and trout have similar appearance to their wild
counterparts [6]. For this purpose, fish feed pellets are coated with fish oil
with added astaxanthin in order for the fish to get the red meat pigmentation.
Synthetic astaxanthin is more easily available and costs slightly less than natural
astaxanthin and is therefore used more often in the industry. However, there is
a demand for natural astaxanthin for the organic salmonid fish market where
natural astaxanthin is mandatory.
Several studies has investigated how different processing conditions influ-
ences the colour in the fillets [7–10]. Some studies investigating the effect of
astaxanthin source (natural versus synthetic) on astaxanthin concentration in
the muscle and physical performance criteria such as growth [11, 12], and to
distinguish between natural and synthetic astaxanthin chemically in fish [13]
can be found, whereas literature about the effect of astaxanthin source on meat
colour to our knowledge is almost non existing.
The aim of this study was to investigate if natural and synthetic astaxanthin
give different fish meat colour. The goal was to be able to differentiate between
fish having been fed with natural and synthetic astaxanthin by using machine
vision techniques. This is important since the organic salmonid fish market has
to use natural astaxanthin in the feed. Furthermore, it was tested whether the
best predictions were obtained from vision analysis of the steak or the fillet of
the fish.
The colour of salmonid fish fillets has previously been inspected by several
methods such as tricolour measurements [9, 10, 14], spectroscopy [15–18] and
visible imaging [9, 10, 19, 20]. Recently, Dissing et al. (2011) [21] predicted
natural astaxanthin concentration level in salmonid fish fillets by multi-spectral
images.
The fish colour in this study was measured using three different systems:
multi-spectral imaging, CIELAB point measure, and SalmonFan visual judge-
ment.
2 Materials and Methods
2.1 Fish
A total of 45 rainbow trout (Oncorhynchus mykiss) were used in the study.
The fish were bread in indoor tanks holding 15◦ Celsius and fed with EcoLife
Pearl 4.5 mm fish feed pellets (BioMar A/S, Brande, Denmark). The fish were
segregated intro three holding tanks, with 15 fish in each tank, for the feeding
trial:
• Control: Fish fed with feed using no additional astaxanthin.
• Natural: Fish fed with feed coated with 25 ppm of natural astaxanthin.
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• Synthetic: Fish fed with feed coated with 25 ppm of synthetic astaxanthin.
Each fish was uniquely marked by a micro chip. This gave the opportunity
to relate all information on individual level. All fish up to the experiment was
fed with non pigmented feed.
Diets were prepared exclusively for this study by a commercial feed company
(BioMar A/S, Brande, Denmark). The basic pellet, EcoLife Pearl, was used
in all diets. All pellets where coated with fish oil containing either 25 ppm
synthetic astaxanthin (BASF SE, Germany), 25 ppm natural astaxanthin [22],
or no astaxanthin added (control). The fish oil used all originated from the
same batch.
When slaughtered, all 45 fish where weighed and the fork length measured.
Each fish was cleaned and de-headed before cut into both a steak and fillet, see
Figures 1, 2, and 3. Two biopsies, left and right, were done for each steak, see
Figures 3, and 4.
After cutting, the samples were placed in plastic petri dishes (90 mm di-
ameter) and stored on ice in Styrofoam boxes. After 30 minutes of storage
the samples were measured first by multi-spectral image analysis, then Minolta
measurements where conducted before evaluation with the SalmoFan Lineal.
Finally, each sample was minced and subsequently frozen at −40◦ C. After
14 days of storage the astaxanthin concentration was determined by chemical
determination.
Figure 1: Overview of where the rainbow trout is cut for steak and fillet.
2.2 Methods
2.2.1 Chemical determination of astaxanthin content
Astaxanthin of the minced fillets or biopsies was determined in duplicate from
the lipid extracts of the fish meat using an Agilent 1100 series high pressure
liquid chromatography (HPLC) (Agilent Technologies, Palo Alto, CA), equipped
with a UV diode array detector. The fillet or biopsy sample was minced, and 10
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Figure 2: Example of a rainbow trout fillet.
Figure 3: Example of a rainbow trout steak, with the places for the biopsies
marked by blue circles.
Figure 4: Example of left and right biopsies from the steak in Figure 3.
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Figure 5: SalmoFan Lineal with pigmentation gradient from 20 to 34.
g in duplicates was used for extraction using chloroform and methanol according
to the modified protocol of Bligh and Dyer [23]. A fraction of the lipid extract
was evaporated under nitrogen and re-dissolved in 2mL of n-heptane before
injection. The astaxanthin content was determined after injection of an aliquot
(50 µL) of the n-heptane fraction onto a LiChrosorb Si60-5 column (100 mm
× 3 mm, 5 µm) equipped with a Chromsep Silica (S2) guard column (10 mm
× 2 mm; Chrompack, Middelburg, The Netherlands) and eluted with a flow
of 1.3 mL/min using n-heptane/acetone (86:14, v/v) and detection at 470 nm.
Concentrations of astaxanthin were calculated using authentic standards from
Dr. Ehrenstorfer GmbH (Augsburg, Germany).
2.2.2 SalmoFan
A SalmoFan Lineal (DSM Nutritional Products Ltd, Basel, Switzerland) pig-
mentation chart was used for manual inspection by three people individually.
The SalmoFan has a colour gradient scale numbered 20 to 34, see Figure 5. The
SalmoFan Lineal was visually compared to the fish meat and the closest match
in colour intensity was decided manually. The SalmoFan Lineal is commonly
used for colour quality inspection in the salmonid fish industry.
2.2.3 Tricolour Device
Tricolour point measurements were furnished using a hand-held Minolta Chroma
Meter II-CR200 (Minolta Co. Ltd, Japan). The Minolta colorimeter provides
controlled illumination of the sample and is commonly used for measuring the
average colour of a food sample area. CIELAB values from the Chroma Meter’s
surface reflection measurements were used.
The CIELAB (L*, a*, b* ) colour space is perceptually uniform and specified
by the International Commission on Illumination (CIE). L* closely matches the
lightness perceived by human vision, while a* represents red and green, and b*
represents yellow and blue.
The CIE L*, a*, b* values were determined at two locations on the fillet
sample (see Figure 11) and in the centre of each biopsy.
2.2.4 Spectral Imaging
The equipment used for image acquisition is a camera and lighting system called
VideometerLab (Videometer A/S, Hørsholm, Denmark) which supports a multi-
spectral resolution of 20 wavelengths. These are distributed over the ultra-violet
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A (UVA), visible and first near infra-red (NIR) region: 385, 430, 450, 470, 505,
565, 590, 630, 645, 660, 700, 850, 870, 890, 910, 920, 940, 950, 970, 1050 nm.
This system uses a Point Grey Scorpion SCOR-20SOM grey-scale camera
and the objects of interest are placed inside an integrating sphere (Ulbricht
sphere) with uniform diffuse lighting from light sources placed around the rim
of the sphere. All light sources are light emitting diodes (LED) except for 1050
nm which is a diffused laser diode.
The curvature of the sphere and its white matte coating ensures a uniform
diffuse light so that specular effects are avoided and likewise minimising the
amount of shadows. The device is calibrated radiometrically with a following
light and exposure calibration. The system is also geometrically calibrated to
ensure pixel correspondence for all spectral bands [24].
The image resolution is 1280 × 960 pixels. Each file contains 20 images,
one for each spectral band. In this situation one pixel represents approximately
0.072 × 0.072 millimetres. The Scorpion camera has a 12 bit analogue to digital
converter (ADC), and the system used 8 bit data output from the camera. The
correction for calibration gives reflectance intensity output of 32 bit precision.
The performance of the VideometerLab has previously been validated for
similar surface chemistry applications [21, 25–35].
2.3 Data Acquisition
The fish fillets and biopsies were placed in petri dishes (plastic, diameter of
9 cm) and thereafter inspected using the VideometerLab, the Minolta Chroma
Meter (CIELAB), and the SalmoFan Lineal. In total 45 fillet measurements were
captured. For the steak, 45 CIELAB and SalmoFan Lineal measurements were
performed. Moreover, for the steak biopsies (left and right) 45 multi-spectral
images were captured. The measurement order of all samples was randomised
for all measurement systems used in this study.
Standard red-green-blue (sRGB) colour image representations of the Videome-
terLab images for this paper were done by multi-spectral colour-mapping using
penalised least square regression described in Dissing et al. (2010) [36].
2.4 Data Analysis
2.4.1 Pre-processing
Each multi-spectral image was normalised using standard normal variate (SNV)
for each pixel. This means that the mean was subtracted from every pixel, and
divided by the standard deviation of the pixel values [37]. This pre-processing
was done in order to reduce the effect of difference in astaxanthin concentration
levels between the three different groups since the scope of the study is to
investigate if there is a colour difference between fish natural versus synthetic
astaxanthin.
The region of interest (ROI) in each fillet image was segmented using the
first factor of the maximum autocorrelation factor (MAF) method [38]. The
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images of the biopsies were segmented manually.
After SNV the mean value of all pixels in the regions of interest was used
as samples, resulting in 45 samples. The mean of left and right biopsy was
used. Furthermore, nine different percentiles (1, 5, 10, 25, 50, 75, 90, 95, 99)
were calculated of the SNV normalised pixels from the VideometerLab images,
resulting in a total of 180 variables. With 45 samples and 180 variables this
results in an ill-posed problem.
2.4.2 Model Selection and Validation
For validation and parameter calibration of the statistical models the leave-one-
out cross-validation (LOOCV) method was used, were each sample is used as
validation once. For LOOCV the error rate is almost unbiased for the true
(expected) prediction error, but could have high variance since the training sets
are so similar to each other [39].
Because of the low number of samples in the study the bootstrap re-sampling
method was used for validation in some cases. In this way it was tested how
the prediction generalises for different subsets of samples.
A training set of 30 samples and test set of 15 samples were defined, randomly
selected so that the training set has 10 samples from each group, and the test
set has 5 samples from each group. When not using LOOCV or bootstrap, the
statistical models were assessed using this test and training set. The samples in
the training and test sets are shown in Tables 1 and 2.
Table 1: Training set
Natural Synthetic Control
6 22 32
3 16 40
11 30 34
7 28 35
14 17 45
8 29 33
5 21 38
15 25 42
1 27 41
2 26 37
2.4.3 Discriminant Analysis
Statistical discriminant analysis was made in order to separate fish fed with
added natural astaxanthin from synthetic astaxanthin. Methods used were lin-
ear discriminant analysis (LDA), quadratic discriminant analysis (QDA) [40],
and sparse linear discriminant analysis (SLDA) [41].
7
Table 2: Test set
Natural Synthetic Control
4 19 31
13 23 43
9 18 44
10 24 36
12 20 39
SLDA was used to regularise the ill-posed problem and select the most im-
portant variables for discriminating between the groups. SLDA is using the
elastic net (EN) for variable selection [42]. The EN tends to select variables
that are correlated with each other. EN needs two calibration parameters: the
λ1 steers the L1 norm for determining the number of non-zero components, and
λ2 controls the L2 (Euclidean) norm for the regularisation. The two model pa-
rameters, the number of selected variables and λ2, were chosen using LOOCV
on 10 samples from each group, and the chosen model was then validated on 5
samples from each group.
The λ1 parameter is steering the selection of variables and was calculated so
that the number of selected variables was varied from 1 to 10. The λ2 parameter
was varied with 12 logarithmic steps from 10−7 to 10. The data were normalised
for each calculation of the SLDA. If more than one combination of number of
selected variables and λ2 was found to give the best calibration result, then the
lowest number of selected variables and the highest value of λ2 was used, giving
the least complex model.
Since the number of samples is relatively small, this procedure was then
wrapped in a bootstrap of 50 iterations in order to see how stable the model
was. For comparing purposes the same randomised indices for calibration and
validation sets used in the bootstrap were the same for both fillet and biopsy.
In this way the same fish were used for calibration and validation sets for both
fillet and biopsy.
The SLDA algorithm calculates sparse discriminant components that give
the best classification of the groups. The number of components is one less
than the number of groups. These components are linear combinations of the
selected variables.
Further more, another method for evaluating spectral bands was done by
performing LDA classification on band combinations (subsets). One band at a
time was tested, along with all exclusive combinations of up to six bands in an
extensive test for the lowest classification error. LOOCV was used for model
selection.
In order to compare LDA with subsets and SLDA we used Wilk’s Λ which
in principle consists of the ratio of the within group variation (W) and the
total variation (T), i.e. the within group plus the between group variation, see
Equation 1. A value of Wilk’s Λ which is close to zero indicates that the groups
are well separated. The band combination with the lowest value of Wilk’s Λ
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was chosen.
Λ =
det(W)
det(T)
. (1)
Hotelling’s T2 test was used in order to see if the two group means of natural
and synthetic astaxanthin were significantly different [43].
All image analyses and statistics were carried out using Matlab 7.9 (The
Mathworks Inc., Natick, MA, USA).
3 Results
The experimental results are presented in this section, divided into three parts.
Firstly, an overview of the experiment is presented. Secondly, the classification
of astaxanthin type using tricolour measurement and SalmoFan inspection is
reported. Thirdly, the classification of astaxanthin type using spectral imaging
is shown.
3.1 Experiment Overview
The fish were weighed in the beginning and end of the feeding time period,
the increase in weight can be seen in Figure 6. This shows that some fish ate
much of the feed and some fish did not eat much, which also would relate to the
amount of astaxanthin they have assimilated.
In the end of the experiment, after 14 days of frozen storage, the chemical
content of astaxanthin was determined using HPLC analysis, see Figure 7. It
can be seen that the average astaxanthin content is different between the three
groups. Especially between the natural and synthetic astaxanthin group there
is a large difference in average astaxanthin concentration. Here we can confirm
the large variation of astaxanthin content between the fish as implied by the
weight differences.
3.2 Tricolour and SalmoFan
The fish meat was analysed using a CIELAB detector, which was compared
with using an ordinary SalmoFan sensor panel.
The CIELAB values can be seen in scatter plots in Figure 8. It shows that
a* and b* show a structure for the three groups, while the groups does not
seem to be separated with regards to L* values. This means that the colour
information is more important than the lightness with respect to separating
natural and synthetic astaxanthin.
Mean results from the SalmoFan sensor panel can be seen in Figure 8 where
a clear grouping of the three groups can be seen, especially for the biopsy mea-
surements.
Classification of the three groups was done using LDA and QDA. Because of
the relatively few samples the classification was repeated by doing a bootstrap
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Figure 6: The increase of weight of the fish during the experiment.
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Figure 9: The CIELAB values in scatter plots for biopsy and fillet.
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with randomly chosen sets for 100 iterations and calculating the mean of the
classifications.
The reflection spectra of the SalmoFan individual pigmentation levels was
analysed using the VideometerLab and the result can be seen in Figure 10.
The control group is classified by 92-99% by QDA. For LDA this group is
classified by 99-100% for the SalmoFan data, and 96% for CIELAB.
For CIELAB the classification of natural and synthetic astaxanthin is in
the range of 63-76%, while for the SalmoFan the corresponding classification is
38-82%.
Both LDA and QDA show generally better results for synthetic compared to
natural astaxanthin classification for the SalmoFan data. The same tendency is
not clearly seen for CIELAB values.
It shows that the classifications for steak are somewhat better than those
for fillet on the CIELAB data.
Overall QDA showed about the same or better results than the LDA, there-
fore the QDA results are here presented and can be seen in Table 3.
To see if the length and weight influence the result we did the same bootstrap
but on the residuals from a regression on length and weight. The results were
similar to the ordinary bootstrap results but showed improvement for natural
astaxanthin for the SalmoFan data, mostly on fillet but also for steak. For the
CIELAB values QDA improved on the synthetic astaxanthin with this method,
see Table 4 for the QDA results.
To see if the length, weight and astaxanthin concentration influence the
result we did the same bootstrap but on the residuals from a regression on
length, weight and astaxanthin concentration. The results were all (about twice
as) worse than the ordinary bootstrap results (results not shown).
To see if the astaxanthin concentration alone influences the result we did
the same bootstrap but on the residuals from a regression on the astaxanthin
concentration. The results were all (about twice as) worse than the ordinary
bootstrap results (results not shown).
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(a) Confusion matrix for CIELAB steak on a 100 QDA
classification bootstrap
Natural Synthetic Control
Natural 0.7220 0.2080 0.0700
Synthetic 0.2540 0.7440 0.0020
Control 0.0580 0.0140 0.9280
(b) Confusion matrix for CIELAB fillet on a 100 QDA
classification bootstrap
Natural Synthetic Control
Natural 0.6520 0.2780 0.0700
Synthetic 0.3140 0.6860 0
Control 0.0420 0.0300 0.9280
(c) Confusion matrix for SalmoFan steak on a 100 QDA
classification bootstrap
Natural Synthetic Control
Natural 0.4680 0.2240 0.3080
Synthetic 0.2180 0.7820 0
Control 0.0360 0 0.9920
(d) Confusion matrix for SalmoFan fillet on a 100 QDA
classification bootstrap
Natural Synthetic Control
Natural 0.4820 0.3400 0.1780
Synthetic 0.1840 0.8160 0
Control 0.0520 0 0.9480
Table 3: Confusion matrices for QDA.
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(a) Confusion matrix for CIELAB steak residual on a
100 QDA classification bootstrap
Natural Synthetic Control
Natural 0.7260 0.1280 0.1460
Synthetic 0.1880 0.8060 0.0060
Control 0.1000 0.0280 0.8720
(b) Confusion matrix for CIELAB fillet residual on a
100 QDA classification bootstrap
Natural Synthetic Control
Natural 0.6720 0.2340 0.0940
Synthetic 0.2580 0.7400 0.0020
Control 0.0720 0.0420 0.8860
(c) Confusion matrix for SalmoFan steak residual on a
100 QDA classification bootstrap
Natural Synthetic Control
Natural 0.5620 0.2040 0.2340
Synthetic 0.2180 0.7740 0.0080
Control 0.1080 0 0.9340
(d) Confusion matrix for SalmoFan fillet residual on a
100 QDA classification bootstrap
Natural Synthetic Control
Natural 0.6420 0.2020 0.1560
Synthetic 0.1160 0.8840 0
Control 0.0740 0 0.9260
Table 4: Confusion matrices for QDA.
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Figure 10: VideometerLab mean reflection spectra of the SalmoFan with pig-
mentation scale of 20-34.
3.3 Spectral Imaging
Multi-spectral images of trout fish meat were captured using the VideometerLab
and segmented using CDA. An example of a segmented fillet image with the ROI
visualised can be seen in Figure 11, and examples of the three different groups
can be seen in Figure 12. All fish fillets can be seen in Figure 13, illustrating
the group variation. The pixels in the ROI in each image were normalised
using SNV and two different feature sets were extracted: mean spectra, and
nine percentiles. The features were analysed using LDA, QDA, and SLDA in
order to discriminate between fish meat from fish fed with synthetic astaxanthin,
natural astaxanthin and no astaxanthin.
The mean sample spectra show a separation between the groups between
450 and 500 nm, see Figure 14. However, the separation is more distinct for the
control group than between natural and synthetic astaxanthin.
Classification between all three groups of fish fillets and steak biopsies using
LDA on the mean spectra shows that the control group is always correctly
classified, both for fillet and biopsy, and both when using the train and test set
as when using LOOCV, see Tables 5, 6 and 7. We therefore focus on the results
and optimal variables used in order to classify between natural and synthetic
astaxanthin.
Hotelling’s T2 test for separate means done on the mean spectra showed that
natural and synthetic astaxanthin is not separated with good significance level.
For the biopsy spectral data p = 0.25 and for fillet the two groups were not
significantly different. However, according to Wilk’s Λ the two groups should
be better separated for the fillet images than for the biopsy images, as can be
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Figure 11: Trout fillet image example. An sRGB representation of the multi-
spectral VideometerLab image, with the segmented ROI visualised with a white
outline.
Figure 12: Trout fillet images of the three different groups: Fish fed with feed
using natural astaxanthin (left), synthetic astaxanthin (middle), and no addi-
tional astaxanthin (right). Here showing cropped sRGB representations of the
multi-spectral VideometerLab images.
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Figure 13: All trout fillets. Top row, sample 1-15: Fish fed with feed using
natural astaxanthin. Middle row, sample 16-30: Fish fed with synthetic astax-
anthin. Bottom row, sample 31-45: Fish fed with no additional astaxanthin
(control group). Here showing cropped sRGB representations of the multi-
spectral VideometerLab images.
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Figure 14: Mean spectra of 45 multi-spectral images of trout biopsy, with ±1
sample standard deviation for each spectral band.
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seen in Table 8.
Table 5: Confusion matrix for LDA classification of all three groups using mean
spectra of fillet images. Validated on the test set with 5 samples in each group.
Group Natural Synthetic Control
Natural 3 2 0
Synthetic 3 2 0
Control 0 0 5
Table 6: Confusion matrix for LDA classification of all three groups using mean
spectra of biopsy images. Validated on the test set with 5 samples in each group.
Group Natural Synthetic Control
Natural 2 2 1
Synthetic 2 3 0
Control 0 0 5
Table 7: Classification between synthetic astaxanthin, natural astaxanthin and
control group, using LDA on the mean spectra.
Type LDA LDA
CV error Test error
Fillet 0.2667 0.3333
Biopsy 0.3111 0.3333
Classification of natural and synthetic astaxanthin using LDA on mean spec-
tra of fillet and steak biopsy show poor results with an error larger than 50%.
However, SLDA on percentiles and LDA using a subset of 6 mean spectral
bands show promising results. For SLDA using percentiles, the classification
is between 70% and 82%, and for LDA using 6 mean spectral bands gives 90%
correct classification on fillet, and 80% on steak biopsy. Wilk’s Λ show that nat-
ural and synthetic astaxanthin is better separated in the fillet images than the
steak biopsy images, irrespective of mean spectra or percentiles. Classification
between synthetic and natural astaxanthin, using LDA and SLDA on the mean
spectra can be seen in Table 8, and the results for using SLDA on the spectra
percentiles can be seen in Table 9.
The results show that it is possible to classify the type of astaxanthin that
has been fed to the trout, and the best results for classification between synthetic
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Table 8: Classification between synthetic and natural astaxanthin, using LDA
and SLDA on the mean spectra of fillet and biopsy respectively.
Type LDA SLDA SLDA SLDA LDA 6 bands Wilk’s
CV error Val. error Val. min. Val. std. CV error Λ
Fillet 0.6667 0.2440 0 0.1232 0.1000 0.7718
Biopsy 0.5333 0.3000 0 0.1512 0.2000 0.8333
Table 9: Classification between synthetic and natural astaxanthin, using SLDA
on the percentile features. Ordinary LDA is not possible on ill-posed problems.
Type LDA SLDA SLDA SLDA LDA 6 bands Wilk’s
CV error Val. error Val. min. Val. std. CV error Λ
Fillet - 0.2160 0 0.1376 - 0.7839
Biopsy - 0.2540 0 0.1487 - 0.8375
Table 10: Top 5 variables selected by SLDA for classification between synthetic
and natural astaxanthin using the mean spectra. Frequency (Freq.) is the
number of times that feature was selected in the 50 iteration bootstrap, a kind
of variable importance.
Type Freq. Wavelength
(nm)
Fillet
28 385
23 700
22 1050
18 565
18 590
17 505
Biopsy
31 385
26 920
21 565
21 890
20 430
18 910
18 1050
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Table 11: Top 5 variables selected by SLDA for classification between synthetic
and natural astaxanthin using the percentile features. Frequency (Freq.) is the
number of times that feature was selected in the 50 iteration bootstrap, a kind of
variable importance. Chosen band wavelength in nanometre and the percentile
of that band.
Type Frequency Wavelength Percentile
(nm)
Fillet
17 700 99
15 385 1
9 1050 1
8 590 25
7 385 25
7 630 99
Biopsy
17 385 1
11 385 95
11 890 1
8 385 90
8 630 99
7 430 99
7 920 90
6 385 75
6 385 99
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and natural astaxanthin is achieved by SLDA on percentiles and LDA using a
subset of 6 bands. It seems as fillet is better than biopsy for classifying between
synthetic and natural astaxanthin.
The wavelength most often chosen in the bootstrap generally for all tests is
the UVA band 385 nm. For fillet the band of 700 nm is also highly important.
The most often selected variables in the form of mean of spectral bands are
shown in Table 10. The most often selected variables in the form of percentiles
of spectral bands can be seen in Table 11.
To summarise, the results show that the control group, which was not fed
with astaxanthin, is quite easy to separate from the two astaxanthin groups,
while it is more difficult to separate the natural and synthetic groups, as can be
seen in Figure 15.
Figure 15: The biopsy of salmonid fish fed with natural astaxanthin, synthetic
astaxanthin, and no astaxanthin (control group). The samples are plotted using
the two sparse discriminant components from SLDA, and estimated normal
distribution contours are visualised for each group.
4 Discussion
Previous studies of astaxanthin [44–46] found distinguished absorbance peaks
of astaxanthin around 450 – 505 nm and secondary peaks around 500 – 600 nm
for various solvents, as well as around 870 nm. The lowest maximum found in
petroleum ether (467-470 nm) and highest in carbon disulphide (502-505 nm).
However, the spectral response of astaxanthin in fish meat is different from that
21
of astaxanthin in oil due to how the astaxanthin is bind in the flesh. This means
that the prediction model of astaxanthin in fish meat would be different from
the prediction model for astaxanthin solved in oil.
In Dissing et al. (2011) [21] the concentration level of natural astaxanthin in
fish fillet was highly correlated with the largest independent variance component
in the multi-spectral image data. This means that the astaxanthin concentration
is highly dependent on the overall image intensity.
With relatively few samples and large variation within the groups with re-
gards to astaxanthin content this classification is challenging. Normalisation
using SNV on each pixel was used in order to reduce the effect of different con-
centration level between the groups. However, it is hard to reduce the difference
completely. We cannot exclude the cause of concentration level completely in
the results. An apparent overlap of synthetic and natural astaxanthin groups
can be seen in the presented scatter plots (see e.g. Figure 15), and it is possible
that the classification is distinguishing the groups dependent on concentration
level. However, when compensating for the concentration difference by using
regression residuals in the classification the results were still not improved.
Furthermore, it has previously been shown that measuring the surface colour
of a non-homogeneous object, such as meat, using a colorimeter such as the Mi-
nolta Chroma Meter usually gives erroneous colour results [9, 47]. Often a grey
or purplish colour is reported, which is due to the light penetrating the sample
and scattering inside the object, by the light coming from the colorimeter’s illu-
mination being close to the surface [47]. Colorimeters also only samples specific
points on the surface. In comparison, imaging techniques usually have diffuse il-
lumination and gives a more clear surface colour as a result. Imaging techniques
therefore has the advantage for monitoring the entire surface of a non-uniform
food sample capturing both shape and colour, including surface variations and
producing a permanent picture reference.
5 Conclusions
The results show that it is easy to separate natural and synthetic astaxanthin
from the control group using multi-spectral image analysis, tricolour analysis
and SalmoFan analysis. However, it seems to be a more challenging task to
separate natural astaxanthin and synthetic astaxanthin. Natural and synthetic
astaxanthin show an overlap in spectral reflection, tricolour values, and Salmo-
Fan values.
Using tricolour CIELAB measurements it shows that the classification of
natural and synthetic astaxanthin is slightly better using the steak than the
fillet.
For discriminating between fish fed with natural and synthetic astaxanthin
the CIELAB measurements show better performance than the SalmoFan values.
Using spectral imaging, the results show that fillet is better than steak for
classifying between synthetic and natural astaxanthin.
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